i
‘ } l Apadana Institute of
= Higher Education
NEw REseARCHES IN - VOl 3 (|SSU€ 3), 19-41

THE SMART CITY nrsc.apadana.ac.ir

Application of Artificial Intelligence Algorithms in Optimizing the
Recruitment Process of Municipalities: A Case Study of Sadra
Municipality

Mohammadjavad

) Engineering, Faculty of Engineering, Apadana
Mohammadi *

Institute of Higher Education, Shiraz, Iran.

‘ Master's Student, Department of Computer

Abstract

Traditional recruitment and hiring processes in public institutions such as municipalities—
especially under conditions of rapid population growth and the increasing demand for skilled
personnel—face significant limitations and human biases. These challenges often result in reduced
efficiency and increased costs. This study aims to optimize the recruitment process of Sadra
Municipality by investigating the application of artificial intelligence algorithms in various stages
of human resource acquisition. Using data from 1,000 job resumes and hiring records, five
machine learning algorithms—including Support Vector Machine (SVM), Decision Tree,
Acrtificial Neural Network (ANN), Random Forest, and Regression—were evaluated. The data
were collected via questionnaires and analyzed using Natural Language Processing (NLP)
techniques. The results indicated that Al algorithms significantly enhance accuracy, reduce time
and recruitment costs, and mitigate human biases. Moreover, the use of hybrid models, as
compared to standalone models, can provide more accurate performance in predicting and
evaluating applicants.
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